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Market fundamentals’ role in financial assets valuation cannot be denied.

However, the volatility in asset prices often causes them to deviate from
Received: January, 2026 their intrinsic value due to irrational behaviour of certain investors,
Accepted: July, 2026 indicating that fundamentals alone are insufficient for asset valuation. This
motivated this study to examine how direct and indirect investor sentiment
affects stock price volatility of quoted companies on the Nigerian Exchange
Limited (NGX) from January 2014 to December 2021. Data were obtained
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investor sentiment with (g = 0.00049, p-value = 0.001) has positive significant
impact on stock volatility, while indirect investors' sentiment has negative
significant impact (f = -0.0066, p-value: 0.000). These findings suggest that
optimistic sentiment from irrational traders leads to higher volatility, while
pessimistic sentiment results in lower volatility. In addition, the study found
evidence of volatility clustering in stock prices on the NGX attributed to
investor sentiment. In conclusion, the study highlights the critical role of
both direct and indirect investor sentiment as a systematic factor influencing
stock volatility in Nigeria. As a result, it recommends considering investors'
sentiment as a risk factor in addition to fundamental factors when making
investment decision, and advises quoted firms to improve on investor
communication strategies, ensuring timely and accurate information is
shared to reduce uncertainty and irrational market reactions.
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1. Introduction

Over the years, the continuous increase in market anomalies and stock market crashes has
posed significant challenges to traditional finance (Li & Liu, 2020). Previous research
indicates that the psychological and behavioral biases of investors, along with their limited
responsiveness to information, can activate investor sentiment. Consequently, this sentiment
leads to heightened market volatility, reduced market efficiency, and prolonged deviations of
prices from their intrinsic value (Latif, Shunqi, Bashir, Igbal, Ali, & Ramzan, 2021).

Traditional finance theories, such as the efficient market hypothesis (EMH) and random walk
theory, have historically overlooked the influence of investor sentiment as a crucial factor. As
a result, they have failed to explain the diverse behavior of investors, disregarding the
heterogeneous nature of the capital market contrary to the homogeneous assumption of the
EMH. Investor sentiment holds significant importance in the stock market, as it frequently
causes fluctuations in stock prices and introduces uncertainty regarding expected investment
returns in financial assets. Moreover, traditional finance theories do not account for the
systematic mispricing caused by the impact of sentiment in stock markets (Haritha & Rishad,
2020).

Behavioral finance theories question the idea of investor rationality and propose that
irrational behavior can cause asset prices to deviate from their intrinsic values. Recent
advancements in both theoretical and empirical research in behavioral finance have
challenged the assumptions of traditional finance theories, particularly the notion of market
efficiency. During periods characterized by high investor sentiment, mispricing arises due to
the prevalence of irrational traders, resulting in elevated market volatility. Devault, Sias, and
Starks (2019) discovered that irrational traders tend to gravitate towards more speculative
stocks as sentiment intensifies. This collective behavior among sentiment-driven traders
leads to rapid increases in trading volumes and ultimately contributes to heightened market
volatility (El-Gayar, El-Hayes, & Metawa, 2021; Zi-long, Su-sheng & Ming-zhu, 2021).

The increasing presence of irrational traders in the market gives rise to mispricing, which
creates a profitable opportunity for rational arbitrageurs to exploit. However, the ability of
rational traders to take advantage of this mispricing is hindered by various constraints,
including noise trader risk and limitations on arbitrage such as short-selling constraints. As a
result, pricing bubbles emerge as a result of the combined effects of overvaluation caused by
sentiment traders who undervalue risk and the absence of arbitrage activities by rational
traders (Haritha & Rishad, 2020). These bubbles eventually burst when sentiment and
expectations reverse, leading to a mass liquidation of portfolios by irrational traders. This
bursting process of bubbles induces volatility in stock markets, amplifying price fluctuations
and asset values (Dai, 2020).

Stock volatility refers to the fluctuation of stock market prices around their averages,
encompassing both upward and downward movements. It reflects the degree of uncertainty
or the magnitude of deviations in share prices. Volatility can be measured using standard
deviation or variance, which analyze the returns of the same stock price or market index
(Nageri, 2019). Volatility serves as a metric for investment risk, and could otherwise be
computed as the logarithm of the daily proportion of high and low stock prices for each stock.
While high volatility is generally viewed unfavorably, the market prefers a moderate level of
volatility to encourage investment activities.
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The occurrence of stock market volatility is often triggered by the influx of new information
or changes in market prices, resulting from the reactions of market participants to this
information. According to the efficient market hypothesis, unexpected fluctuations in asset
prices stem from significant shifts in macroeconomic fundamentals. Consequently,
macroeconomic factors can serve as a source of systematic risk and contribute to market
volatility (Ali, 2019; Nageri, 2019).

Furthermore, within the financial literature, there is a widespread consensus regarding the
significant impact of stock volatility on the well-being of the economy (Ali, 2019).
Consequently, comprehending stock volatility is crucial for market participants as it enables
informed asset allocation decisions, facilitates the determination of capital costs, aids in
assessing fluctuations in expected returns, and evaluates associated investment risks. The
nature of stock volatility finds practical applications in diverse areas such as investment
portfolio management, option pricing, risk management, and financial market regulation.
However, excessive volatility or noise in the stock market undermines the reliability of stock
prices as reliable indicators of a firm's true intrinsic value, thereby challenging the assumption
of market informational efficiency (Nageri & Abdulkadir, 2019).

In the face of volatile turbulent conditions, attaining the desired level of effectiveness becomes
arduous. Volatility, synonymous with risk and uncertainty, adversely affects investors and
results in increased capital costs. Moreover, heightened market volatility fuels speculative
investments, exacerbating issues within the market from a social investment perspective.
Therefore, persistent volatility indicates a predictable alteration in the risk and return
tradeoff throughout the business cycle, allowing for the prediction of future economic
variables in countries where stock markets are well-developed (Ali, 2019; Nageri, 2019).

Furthermore, stock volatility in the short term is influenced by various factors. Notably, when
a large number of individuals engage in trading in the same direction, whether buying or
selling, it leads to market volatility. Additionally, the introduction of new information,
whether positive or negative, tends to influence investor perception regarding the
appropriateness of current prices. Consequently, if investors perceive prices as excessively
high, they swiftly initiate selling their holdings. In the absence of corresponding buying
interest from other investors, prices experience a significant decline, resulting in short-term
volatility in returns.

Furthermore, investor sentiment regarding the sustainability of ongoing price movements
plays a role in shaping future fluctuations in share prices. For instance, when prices begin to
decline and investors anticipate a continued downward trend, they become inclined to sell
their shares. In the absence of prospective buyers seeking undervalued shares, prices undergo
a sharp descent (Latif, Shungqi, Bashir, Igbal, Ali, & Ramzan, 2021).

Therefore, obtaining a clear understanding of the level of stock volatility observed in the stock
market is of paramount importance for market regulators. High volatility has the potential to
trigger investor panic, leading to a loss of confidence in the market and increased transaction
costs. Hence, comprehending the relationship between changes in investor sentiment and
stock volatility holds significant value for both investors, aiding them in making well-informed
investment decisions, and policymakers, enabling them to effectively regulate the stock
market while evaluating its vulnerability (Yang & Chi, 2020). From the foregoing, this study
aims to address the extent to which investor sentiment influence stock volatility on the NGX
with a specific objective is to examine the impact of investor sentiment on stock volatility on
the NGX.
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Scholars have extensively studied how investor emotions influence stock prices, especially in
rich countries. Concentto and Ravazzolo (2019) found that investor feeling is capable of
inducing price fluctuations in financial assets which in turn would either boost or reduce
profits. This is because emotions can make prices move away from their real value, increasing
risk. When investors feel too confident about the future, they may trade carelessly, buy more
stocks, and push prices higher. As a result, strong positive feelings often make stock prices
rise later, while negative feelings make them fall. Hence, sentiment of investors is responsible
for excessive upward and downward movement in prices of financial assets in the market
(Lekovic, 2019).

The relationship between sentiment-driven trading and stock volatility carries significant
implications for participants in financial markets. Asset pricing models primarily focus on
fundamental factors when assessing risk determinants. However, the increased volatility
resulting from sentiment-driven trading can introduce changes in risk that cannot be
explained by fluctuations in fundamental variables alone. As a result, the risk associated with
financial assets may surpass the thresholds suggested by asset pricing models based on
rationality. Therefore, it is crucial to establish a link between investor sentiment and stock
volatility in Nigeria, as this would provide valuable insights for investors and policymakers.
Precise measurement and evaluation of risk are vital components of price discovery, risk
management, and portfolio management in financial markets, relying on the abilities of
market participants to accurately assess and evaluate risk factors.

Therefore, it is of utmost importance for this study to investigate whether investor sentiment
has varying effects on stock volatility on the NGX, addressing the geographical gap identified
in the literature. By doing so, this study aims to make a significant contribution to the current
body of knowledge, while also benefiting institutional and individual investors, portfolio
managers, and policymakers. The findings of this study will offer valuable evidence
concerning the influence of investor sentiment on stock volatility, particularly on the Nigerian
Exchange Limited.

2. Research Method

The sample taken for this study comprises of twenty (20) companies whose market
capitalizations accounted for over 85% of the total market capitalisation of the NGX as at
December 2021. The model used for this study was based on the GARCH (1,1) model as
adapted in the studies of Haritha and Rishad (2020) and Rupande, Muguto and Muzindutsi
(2019). The GARCH (1,1) model helps to analyze the volatility characteristics of financial data
by identifying patterns of price fluctuations and instability.

However, this study is different from previous ones because it includes both direct and
indirect ways to measure investor sentiment, like the investor confidence index and a market-
based index. To achieve this, the basic GARCH model was adjusted to include these sentiment
indicators. The reason for the modification was because this study focused strictly on
assessing sentiment-induced volatility on the NGX. The model can be expressed as follows:

Y_t=a_0+B_0 Y_(t-1)+ [B_1 Dsent] _(t-1)+ [B_2Isent] _(t-1)+u_t

o_t"2=w_0+Y_(i=1)"q#E [a_i €] _(t-i)*2+Y_(j=1)"
1)+8_2 [ISENT] _(t-1) . 2

[Bjo] _(t)*2+p_1 [DSENT] _(t-
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the mean equation comprising an error term, while equation (2) represents the conditional
variance, which is expressed as a function of three components: the constant w, €_(t-i)*2
denoted as the ARCH term captures the volatility from the previous period and is measured
as the lag of the squared residual from the mean equation. o_(t-j)*2 represents the GARCH
term, which represents the forecast variance from the previous period. In the equations, Y_t
represents volatility index, Y_(t-1) signifies the lagged values of index risk-adjusted volatility,
and [DSENT] _(t-1)and [ISENT] _(t-1) represent the lagged direct and indirect investors’
sentiment indexes, respectively. 3_0 represents the model's coefficient. a_i represents the
coefficients of the lagged squared residuals, and 3_j signifies the coefficients of the lagged
conditional variance. The coefficients to be estimated are «, and (3, subject to the conditions
w>0,a20,£ 20, a_i+p_j<1.

Due to the lack of a universally accepted measure of investor sentiment, this study employed
principal component analysis (PCA) to construct an indirect sentiment composite index. The
index was created using five stock market-specific indicators, namely closed-end fund, volume
of trade, turnover ratio, equity share in new issues, and dividend yield. The selection of these
proxies was based on data availability. PCA was used to reduce the complexity and size of the
data while keeping important details intact. It also facilitates the reduction of dataset
dimensionality, enhancing interpretability without sacrificing information integrity. The
composite index was formed by taking the first key component from the correlation matrix of
the factors. For each factor, its current or lagged value is considered, depending on which one
exhibits a stronger correlation with the initial index. Thus, this method produces a
straightforward sentiment index:

[Sent] t=6_1 [CEF)] _(t-1)+6_2 [CEF] _t+6_3 [VOT] _(t-1)+6_4 [VOT] t+6.5 [
TUR] _(t-1)+6_6 [TUR] _t+6_7 [NEQ] _(t-1)+6_8 [NEQ] _t+6_9 [DIY] _(t-1)+6_10 [
DIY] _t

Where: CEF is closed-end fund, VOL is the volume of trade, TUR is the turnover ratio, NEQ is
the new equity issue, DIY is the dividend yield and 6 symbolizes the factor loadings on the first
principal components of the lagged and contemporaneous proxies.

The study uses monthly balanced panel data covering the period 2014-2020. The data for
consumer confidence index was obtained from the CBN Consumer Expectations Survey
Report. While market-specific data are obtained from the Security and Exchange Commission
Statistical Bulletin. The period (2014-2020) was chosen due to data availability.

3. Result and Discussion
Table 1

Descriptive statistics

Variable Mean Standard Minimum Maximum
Deviation
VOL -0.01024 0.06313 4.9273 0.16
DSENT -2.01833 4.217838 -9.933333 94
ISENT -1.60e-08 1.000001 -0.02565 51.80438

Source: Authors
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From Table 1, the average value of stock volatility is slightly negative. On average, both the
direct and indirect sentiment indicator is negative, suggesting overall pessimism, even though
indirect sentiment indicator is centered around zero.

Table 2
Augmented Dickey-Fuller (ADF) Unit Root Test

HO: Variables has a Unit Root/Non-stationery

Variables First Difference

t-stat Status

VOL -3.845% I(1)
p-value 0.0099

DSENT -3.980* I(1)
p-value 0.04166

ISENT -3.167* I(1)
p-value 0.0333

Source: Authors

Table 2 shows the results of Augmented Dickey-Fuller unit root test. It indicates that stock
volatility, direct investors’ sentiment and indirect investors’ sentiment were non-stationary
at their original levels but became stationary after taking the first difference I(1).

Table 3

Cumulative proportion of sentiment proxies

Component  Eigenvalue Difference  Proportion Cumulative Cumulative
Eigenvalue  Proportion
CEF 2.12144 0.786775  0.4243 2.1214 0.4243
VOT 1.33466 0.630617 0.2669 3.4561 0.6912
TUR 0.704044 0.1701 0.1408 4.1601 0.8320
ESN 0.533944 0.228029 0.1068 4.6940 0.9388
DIY 0.305915 - 0.0612 5.0000 1.0000

Source: Authors

From Table 3, the resultant composite sentiment index obtained through principal component
analysis exhibits several desirable characteristics. Firstly, all five proxies exhibit the
anticipated signs, with some decreasing when sentiment is low, and others increasing when
sentiment is high. Moreover, all variables are included at the right time, accurately reflecting
shifts in investor sentiment.



Table 4

Estimated GARCH Model

Parameters Coefficient t-statistic p-value
) 0.1975575 323.15 0.000
DSENT 0.0004881 341 0.001
ISENT -0.0065751 -15.99 0.000
ARCH (@) 0.1862152 19.76 0.000
GARCH(p) 0.8136606 157.62 0.000
a;+ B; 0.9998758 177.38 0.000

Source: Authors

The GARCH (1,1) model’s results, presented in Table 4, demonstrate the effects of direct
investors' sentiment (DSENT) and indirect investors' sentiment (ISENT) on stock volatility on
the NGX. The mean equation's findings reveal significant impacts of both DSENT and ISENT
on stock volatility.

Specifically, DSENT is found to have a positive and significant impact on stock volatility. This
implies that bullish sentiment arising from irrational trading leads to increased volatility in
the stock market. When investors exhibit optimistic beliefs and engage in irrational trading
behaviours, it contributes to higher stock market volatility. Conversely, ISENT has a negative
and significant impact on stock volatility. This indicates that bearish sentiment resulting from
irrational trading activities actually decreases volatility in the stock market. When investors
exhibit pessimistic outlooks and engage in irrational trading behaviours, it leads to lower
stock market volatility.

The statistical significance of both direct and indirect investors' sentiment suggests that
investors' sentiment plays a role in inducing stock volatility on the NGX. This means that past
psychological beliefs held by investors influence the persistence of current stock volatility.
Thus, if investors maintain a pessimistic outlook for future markets, this sentiment tends to
persist over an extended period of time.

One the other hand, evidence from the conditional variance analysis revealed important
insights into stock price movements on the NGX. The ARCH () and GARCH (3) values are
positive, important, and not zero. Moreover, a + [3 is equal to one, indicating a high level of
volatility persistence. This implies that stock volatility in the previous periods affects the
current period's volatility. Similarly, the positive significant coefficient of GARCH parameter
(B) confirms that when stock prices fluctuate a lot, they continue to do so, and when they are
stable, they remain stable. The persistence parameter (a + (3) being close to unity further
reinforces the evidence of volatility persistence in stock returns on the NGX.

Importantly, all the parameters in the model are statistically significant, indicating their
effectiveness in explaining the current stock volatility. The shocks generated by direct and
indirect investor sentiment, represented by the parameter a, along with the volatility in the
previous period captured by the parameter 3, and changes in investor sentiment collectively
contribute to explaining the volatility of stock return on the NGX. The impact of previous
period volatility, as captured by the  parameter, is particularly significant, suggesting its
prominent role in determining the current volatility level. Additionally, while the sentiment
volatility is found to be stationary, the combined effect of a and 3 being close to one indicates
a high degree of volatility persistence. This implies that a shock in the current volatility will
have a lasting influence on the expectation of volatility over multiple future periods.



4, Conclusion

These findings of the study contribute to the understanding of the relationship between
investor sentiment and stock volatility on the NGX, highlighting the importance of considering
behavioural factors in addition to market fundamentals. Likewise, the significant role of
unexpected shocks generated by investor sentiment and the persistence of past volatility in
explaining the volatility of stock return on the NGX was highlighted.

Hence, direct and indirect investors’ sentiment explain stock volatility and should be taken as
a systematic factor which plays a critical role in predicting stock volatility on the NGX. Thus,
in order to deal with some of the debatable assumptions of the classical financial theories such
as investors’ rationality and market efficiency, the modern asset pricing theories should be
extended to incorporate behavioural indicators in their models to explain the existence of
investor sentiment in the financial systems. Finally, the study recommends that: given the
persistence of volatility, investors should adopt risk management strategies such as
diversification and hedging to protect their portfolios from prolonged market fluctuations;
policymakers and regulators such as SEC and CBN should implement policies that minimize
extreme fluctuations in investor confidence to stabilize market conditions and improve
investment attractiveness; and quoted firms should improve investor communication
strategies, ensuring timely and accurate information is shared to reduce uncertainty and
irrational market reactions.
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